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&32]F 1. Trie 7]HF AL S 0] 83 guided generation

1: procedure TreeDictionaryBasedGuidedGeneration(7,h°)
2 yp" gy, el
3 WordAccomplished<False
4 WordNone<False
5: PositionD own<False
6 while not WordAccomplished do
7 L— 3
8 g,/fl"_e}lmtH Onehot (yfﬂﬂboz )
9 el g
10: generate y, with w’
11: generate L with y,
12: yhst Svmbole highest scored ¢ at n in L
13: youmbol g Lst Symbol
14: while not WordNone do
15: threshold<Score (' Symbol’y s thre sholding Factor
16: if not PositionDown then
17: if il =‘<\g>' then
18: if y& T then
19: WordAccomplished«—True
20: break
21: else if y@y2Y""" hasChild in 7 then
22 Yy Dyl pen+1
23 break
24: yimole next scored ¢ at n in L
25! PositionD own<False
26: if Score (y:¥™"") < threshold then
27 ne—n—1
28: delete last character of y
29: PositionD own<True
30: if n=0 then
31: WordAccomplished«<—True
32: WordNone<True
33: if WordNone then
34: y<—None
35: return y
h, =0, « 7(c,) (6) gate, ¢, LSTM2] memory cell state®]th. Ve
x,= character® one-hot vector?l wlell weight 7l gate®t state®] weight matrix=ol™,

matrix WZE 3ty 9= character embedding®]™,
i, LSTM®] input gate, f,© forget gate, o, output

biasE°ltt. WH &A &4 os& hard sigmoid
AFEEF AL, &4 k4~ 7= hyperbolic tangent
AH&-3FSl T
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