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ABSTRACT

Korean automobile industry has been slow down since 2016. The most fundamental solution for solving
this problem is to develop competitive parts. There are two important factors for developing competitive
parts. The most important is product design technology, and the second most important is production
technology. Production technology is important because it requires lowering the production cost except for
the material cost and continuously maintaining the quality. In this paper, an intelligent smart inspection
system is proposed and designed to inspect automobile parts of company C. At present, the basic and
detailed design of this system has been completed and it is in the development progress stage. If the
system is successfully developed, it is expected that the quality inspection stage of company C will be
automated and the defect rate will be reduced.
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