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ABSTRACT

'Scientificization' of oriental medicine is a task to be preceded for K-MEDI in the world. Also, We are
trying to secure efficacy and safety through scientifically proving the efficacy of Oriental medicine. This
paper. We propose a biomarker extraction algorithm for genetic lesion reading of Oriental medicine. Also,
A variety of applications in terms of Oriental medicine. Oriental medicine was suggested as a basis for

the diagnosis and treatment of the treatment.
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