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ABSTRACT

The AQI index has been developed and used to guide the action of particulate matter. Information on the AQI
index can be easily provided to the general public, and various services are provided based on the AQI index. As
services are provided, accurate AQI index prediction is needed. In this paper, we design the classification model using
the circular neural network to predict the AQI index of particulate matter. For the evaluation of the designed model,
compare the AQI index of the actual particulate matter with the predicted value.
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Parameter Value

layer units 20, 20, 20

batch size 80

L2 penalty 0.07

dropout rate 0.3

time steps 2
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