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Input a sentence x, graph score matrix y
Output a dependency parse tree y
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y® = GraphDecode(y,u, y*=,1)
z® = TransDecode(x,u,z¥~V, —1)
if y© = z®then
return y®®
else
U—u-— a(y(k) — Z(k))
return y®
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function GraphDecode(y,u,y, sgn)
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returny
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