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Deep learning based environmental sound classification for selective noise

canceling
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Fig. 1. Construction of the feature vector.
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Table 1. Dataset specification.

noise non-noise
class attack Rota. sawing speech tonal
Num. 685 2,572 536 516 732
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Table 2. Confusion matrix of Mel-spectrogram (24 band).

e prodicted attack | Rota. | sawing | speech | tonal | recall%)
attack 89.1 4.2 58 - - 89.1
rotation - 94.9 25 - 17 949
sawing 41 185 748 2.2 - 748
speech 12 - - 98.6 - 98.6
tonal 41 135 2.0 - 80.1 80.1
precision(%) 83.4 915 770 9.4 92.4 875
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Table 3. Confusion matrix of the spectrogram based feature.

e et attack | Rota. | sawing | speech | tonal | recal%)
attack 9.0 2.3 32 - - 4.0
rotation - 97.3 15 - - 97.3
sawing 2.8 125 845 - - 845
speech - - - 9.4 - 9.4
tonal 18 135 16 2.0 81.0 81.0
precision(%) | 937 932 86.0 97.2 96.6 91.2
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