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2.1 UT Zapos50K (2014)

UT Zaposb0K[3]= Zappos.com(&2+01 Aldk 9l o]= @
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2.2 DARN (2015)

DARN[4]& 22}l ofujxjet @mafel o]u]x]] (online-
offline image pair) Jg 22 #4¢ o|u|x] HloJgfilolt}. &2}
Ql oujx|k 100 7§ od9 °f £4uoz 4 ZREEQY
(prototype) oJu]x|o]il @ m2}ol o]ujx|t L2 EERQ] o]0|A|]
t-5%t AR&AL o]ujA]o| T}

DARN Glo|ejfle 450000 o] £atel 4% ofox|et
90,000 & @ ma}ol oJu]A], & 540,000 A9 800x500 sHAI =&
74l olojxl 2 FEI9ek. of HolEAe 20 HAl) o) Fela
elo} 179 7}9] o8 448 =L 9100 BE ojojxlE AA
2okl a1 ol 2N 23

DARN dlolgifle 2eel(modality)o] Ty e ¥estn
9] T WA olojx] A Hololx D] &3}
o ohjet WA olujxl BRet A Sabw AN
Furs] ALgE L 9ot

2.3 DeepFashion (2016)

DeepFashion[5]& & 800,000 9] oju]x|2 LAY i
T 9|2 clo|EjAlolc). of HolEAe Clofal
ot 1 5 & AE ofulx|et FES YL Qe AHEAT o]
Al&E Qlth E3t DeepFashion2 50719] 7He| 2|9t 1,00078 &
A J2]1 ZAA ¥A (bounding box) ¥ o2 }copa & @A
ololstat WA Fyuet 24 xalshn ok,

hud T

DeepFashion HJo|HAlS 7|gtoz &4 o &(Attribute
Prediction), AB|A}-4% 9o]& ZAM  (Consumer-to-shop
Clothes Retrieval), 0j& 9]& ZAM (In-shop Clothes Retrieval)
J2]1 Meot3 x| (Landmark Detection) 5 4 7J9] dilx|o}
3 (benchmark)E A|A|Stct.

2.4 Fashion-MNIST (2017)

Fashion-MNIST[6]+= 60,000 2] &3 o|u]x|} 10,000 7F
9] HAE ojujXlz /4" md goleidlojtt. ZF o]ulX|=
28x28 o] 1 o] AA Y (Grayscale)Z FAE T 004 255 Ato]
o] A = ZHd. 2] 10 7H9) miA ZHEne)rh 2etEY
00llA 97X|9] %At HA|SITE.

Fashion-MNIST dJo]EJAIS MNIST[7] €24 Ho|HAlE
OiA|5}= o]u]x] glo|EjAlo2 ojujx] B2 ojdo|x “Hello,
World"et -2 9ju]& 7zt 1jMd g ®ot ofuje} th2 714
ar5/92ld duelEY A 8=E ol AREY] o] &4
gt s E Alg3it

2.5 VITON (2018)

VITON[8] dlolelle 7Hymee gla) 758 dlolelolct,
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2.6 Fashion-Gen (2018)

Fashion-Gen[9]2 293,008 7F9] o|OJx] (&3 o]OA|:
260,480, 7% o|o]x|: 32,528, H|AE o|0]A]: 32,525)2 FAE
Qon 48 719 Wl ZHH 2] ¥ 121 7R9] fine-grained 7|1l

22 zgsta o

29
o] u] 7|

Category: pant
Description: Relaxed-fit trousers in mottled
navy blue. Five-pocket styling. Tonal Zip fly

gre
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3 3 Fashion-Gen

Fashion-Gen 9] EXe =dst AECQ R7ioA &FH
1360 x 1360 9 =2 3jAF= 2 7}x1 FHD(Full High Definition)
oju]X|2t= Zlojct. & w4 ofo]dl FHE|a2fo] et 1~6 7Y
o Mz OF Zte2 HYHd. ol Yt g dEE oY
Zte 2 Aeh 2% vkl goJgAloltt. EgH 7} ofo]R 2 1

W 33 Zo] ARIb} ABE HAE Mol matelof 9lct.

Fashion-Gen Hlo|HAl2 EIAE 2 BE o]u|x]5 A34(Text
to image generation) st= =AIE siAst7] Yol Ar&st dolg
Alo|ct, Eeh =2 AL o} L}ooaj 7tz 2 J1Rl EMS o] &3]
oA oojAl 257, HA & A St 22 Rt oM e
&5 A
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2.7 ModaNet (2018)

ModaNet[10]2 Paperdoll[11] Ho|HAlS 7]¥to g L&E%
che dolEsioltt. of HolElols WA 2ol ¥, 7
Z(Polygon) Z28]1L 137h9] 7tg|e]g ahst 55,176
719 ebdst £A(fully-annotated)Z ZF3H OJUIX] R FL/JE]of
st

ModaNet GolEAe B4l ololxlo] 7] A%, $¥, Z2)
2 o5 221 Y £42 o83 Z2Ee d
A ZEelal ALgol Thsaitt.

ModaNet HlolEle Al2e A%H v3 A75 A WA
0i2 24 HlEE AEHC T3 JE O golEMT v
O = e @ SN Eelzo] Qo) S8 WAl ool ¥
QoA Bo] A&,
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2.8 DeepFashion2 (2019)

DeepFashion[5] HloJE{Ale ZHst A4S o]
A oJo|A] EAo] HefstA|Rt F ZEA] HAo] ik A WA
ojmAjufet T o7 ofol&Rt 1o 7 bl
L WEokaE JbAls ojola] dolelilo] Aojd oo
A o] F4o] QlojA] B 5 Aol 48T 4 9

o2t =AIE sHidstr]l st wEe" dojgilo] Hiz

DeepFashion2[12]o]t}. o] Tlo[EjAl o] f &4, &= %4, 9]
F v 124 ofo]d HA 5 471 FR/Y & HIAOIER

A=} DeepFashion? + 491,000 7]19] D}Oto} OO A& 21
lon ojulx|9] 7t moll= FHE| Y], ABY, FA wrA, TA
g mask 5 137} &Y FA0] Qlot. 1 9of 873,000 7= =
2tel OIUWS’} QmatQl oojA] F(DARN[4]at #2 fLx)02 F
o971 W=ofl Y5t 3-&ol 7Hsstt

DeepFashion? HlojE|Ale S5t Hlojejet Bjaz mid o
Fo] wAo] 7]ojste] o =AAQl AN E ot AR
S Ho&0. o & S0, GAN(Generative Adversarial Network)
He olgF 9F olulx] AN oF By = 4

QAN & AHgo] THs it

(explore multi-domain learning)

2.9 FashionAlI (2019)

Algehd 474 9A2 HAdol gt ofsh7t ol FastA
oje wHY AwAolal FTHY A dlolgAlol Hiﬁ}ﬂr
FashionAl[13] dlojEAl2 o]2ieh AIES si23t7] flaf 1
HO*E% o] Hlo[gA & 357,000 7Ho] FA ou]X 2 ?“éﬂ
of Qi 24719 sy ZRIE, 6 7FA] FHE|L2]olA] A& EE 245

7H O1/H _‘]‘IT E‘}HJI 73‘]1 7H 5\_1\401 556]'5401 o]q
FashionAl ©Jo]EjAlo] EXS E

M (Hierarchical) #+zoltt. ASA #as 18 4 o 22 £4
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Edo] Q& ZE root ¥ leaf :EJ} &4 AYH 44 o
R|AE L= Ao|c}.

DeepFashion[5]# 82318 © FashionAl HojglAlS o
et 2AES st 442 7M. Boh HiA AEvted &
AHE AWl mizel dioly 42 238 4 9o o2
FashionAl Hlo]8{Al2 £ U¥teHgeneralization) 53&
4870l Holuy 53] Al 0] (semantics) Aol

=2
O O
e £g0 9t

W Artributes defined in shopping website

_,d
mlm r

FENDI cashmere sweater-dress

B Anributes defined in FashionAT

charscterisic i

* cashmere* plain  * red

| neck region | [sleeve length] [silhouette | [coat length ]

« Key points in FashionAl ~ * highneck * long * Hline * shont

T3 4. FashionAl

2.10 Fashion IQ (2019)

Fashion IQ[141%= Rtelo} 7]st 14 o|ojx] 244 9js) A
A dolestolct. o] dlo|elAle & 3 7§} shel el (dresses,
tops&tees, shirts)S Z§Hst 77,684 49] o]njX|2 A& o] Q1T
3 2% 49,464 % o]n]x|of] Alo]E A H(side information)7} Z3F
5o} 60,272740) j WASo] Slek. Afol= FuE A, AT
Fel, 74 L AEL S 571K FA02 1gE 1,0007) 2ha
2 PHEc 322 4o AHS B ololxle AgAPE AR
B} o|u]|o] APEAHS Aelolz mEF HYS ojujainy,

Fashion 1Q = T4 A3 AlF 290N e #4545

25 8T 4 9t HEY AF AP dolelilo|o] Aol
Houe Sad AM AAde] O d7dd M3o 4§

+ Jolde T dolgilo 2AMu} 75(RE £of) E=2
Bl S AISPRrct I gojEAl 719 Ajo]S AEA oz HI| 9
3l ZF gojgAla] ojulx] 7f4, SjAtE T2lu A AEE g

ol B7ISICHE 1). & 1 oA = & Q= 8ieh Zo] oJu]x] 74
7} 7P W& Glo]EJMIS DeepFashion 0|1 sj4=7t 7MY =2
glo]EA12 Fashion-Gen oJt}. 2 o]f+ Ho]EAl2 DARN,
DeepFashion, VITON, DeepFashion2 7} QJX|gt o] 7}&C|A
DeepFashion2 | Hloje} 747} 714} o] Zaeln| Z4e] &
71 71 greih

I 2= fo]EAlS classification, detection, segmentation,
retrieval, generation, virtual try-on 6 7 £o}9] &8 oH=
gelgt mojot. wlwst AaE & ©f 2019 o £FH
DeepFashion? glo]EjAl- detection,
xgo| 753}

classification,
segmentation, retrieval, generation &0fof| 2%
A9 7 m® Atold= DeepFashion? CloJEIAlS ARES
2 otk 7 oIS £ BA Eb 4 Hopo] d71g
Hall +HE 7] 2ol W2 AHde A=t £t A4 golH
Y 2% 574 task o A g0 g Ropo] HEY 2

AT 255 9

B 1 WA coleAle] 24 bR

images resolution categories attributes landmarks pairs bounding box
UT Zappos50K 50,025 150x100 4 4 X X X
DARN 540,000 800x500 20 179 X 91,390 v
DeepFashion 800,000 varying sizes 50 1000 v 251,000 X
Fashion-MNIST 70,000 28x28 10 X X X X
Fashion-Gen 325,536 1360x1360 48 X X X X
VITON 16,253 256x192 X X X 16,253 X
ModaNet 55,176 varying sizes 13 v X X v/
DeepFashion?2 491,000 varying sizes 13 v v 873,000 4
FashionAl 357,000 varying sizes 6 245 X X X
Fashion 1Q 77,684 varying sizes 3 1000 X X X
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& 2. WA HloleAe) A& 2ol ulw

classification detection segmentation retrieval generation virtual try-on
UT Zapposb0K (2014) / X X v X X
DARN (2015) v v X v/ X X
DeepFashion (2016) v/ v/ X v X X
Fashion-MNIST (2017) v X X X X X
Fashion-Gen (2018) v/ v X v v
VITON (2018) X X X X 4 v
ModaNet (2018) / X v/ X J/ X
DeepFashion? (2019) v/ v/ v/ v v X
FashionAl (2019) v/ X X X X X
Fashion IQ (2019) / v/ X X X X

4. 28

2 g0l A2 2014 A¥E 2019 WK AT A
dolelfle] Giatet 2t cloleidle] mate &4 FR9t 54L&
AT AR 18-S 702 B o WA dolese 37
£ b 9302 U 2 otk A WA 939 9L 999 o
oJEMe BT FolA ol LG CFE oL AHE
of gibsdtch £ WA 939 W8A JIE dolgse ol
task oA & gol 7hsl A130] @S 2we W ot

WA doleldle] Wil 242 2 0 3 A £08
SH2sk7] st dolEide] Fat oS chapshd Zolch €4 o
olEY £4 FF7t WotkA H1 £49 vlgo] koA o
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