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Layer name | Output size 18-Jayer | 34-layer S0-layer 101-layer 152-layer
Coml | 112x112 737, 64, strice 2
3x3 max pool, stride 2
Com2x | 5656 y 11,64 11,64 1x1,64
- :z‘f‘l 2 2:3?4] 3x3,128|x3 | [3x3,128] %3 | |3%3,128|x 3
2 o 1%1,256 131,256 1% 1,256
1%1,128 1x1,128 1%1,128
2 2 d * d
Comdx | 28%28 Is’:i%glxg j:jh: wt | |3x3128 x4 | |33 128] x4 | |3x3128| x8
sEale ' 1x1,512 1x1,512 11,512
. . 1x1,256 11,256 1% 1,256
3 o 2 ,
Comvdx | 14x14 ,j:i? x2 izizfg 6 ||3%3,256 |x6 | 3x3,256 | x 23| 3% 3,256 [ x 36
SRHED AR 1x1,1024 11,1024 1x%1,1024
3x3512) lhlmlﬂ 1x1,512 1x1,512 1% 1,512
Com5_x 7 3x3,512] 7 ¢ | |3x3,512 3x3,512 | %3 || 3%3,512 |x3 || 3x3,512|x3
||1x1,2048 1%1,2048 11,2048
1x1 average pool, 1000-d fe, softmax
FLOPs 1.8 %107 | 36x10° 36x10° | T6%10° 113 %107
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