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Bicubic Ours

PSNR 32.51 31.65

SSIM 0.8535 0.8347

FID 19.17 4.31

£ 1 E3 dole ¥YA B} Ay
Bicubic Ours

PSNR 36.96 33.32

SSIM 0.9514 0.8974

FID 9.30 3.29
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