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1 KISS : Korean-english Idioms in Sentences dataset
https://github.com/Judy-Choi/KISS
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B 3 Zt HY HRQO| Hyperparameter
2 Layer LSTM
(OpenNT Default) 4 Layer LSIM Transformer
Encoder hidden state size 500 1,000 512
Batch size 64 100 2,048
Dropout 0.3 0.1 0.1
Train steps 100,000 100,000 100,000
H 4 4% At BLEU ™= [8] HIR
2 Layer LSTM 4 Layer 6 Layer

NMT &= 4 Layer LSTM

(OpenNMT Default) Transformer Transformer
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A | @A | B | ®AL | | | wmsa | B | B
& W23 g
1 . 24 .45 30.32 26.05 32.76 28.28 33.58 28.37 34.45
(Baseline)
9 B8 ¥ 24.37 30.23 26.45 32.63 29.09 34.09 28.73 34.22
(-0.08) | (<0.09) | (+0.40) | (-0.13) | (-0.81) | (+0.51) | (+0.36) | (-0.23)
3 g7 ¥x3 shE 24.32 30.16 26.76 32.62 29.46 34.71 28.42 34.02
+ <idm> Ej 1 (-0.13) | (-0.16) | (+0.71) | (-0.14) | (+1.18) | (+1.13) | (+0.05) | (-0.43)
A e X sk 24.51 30.00 25.89 32.68 27.63 33.88 27.16 33.88
+ <idm> </idm> Ej 1 (40.06) | (-0.32) | (-0.16) | (-0.08) | (-0.65) | (+0.30) | (-1.21) | (=0.57)
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29 34
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27
26 32
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1 #8& m £ &< | only parents are
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3 487 x3 & only parents are
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4 485 3% sk only parents are
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