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SARE, WA gt -] = d¥s A “_’7] wzel and sold ginseng sales of 1.4 billion won.
wg wao] AgATh ESAME AGT 2o W
I Al o ma=a ool Do A 29 99 oA Ak SAelE 177 ol
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AE AAATE £ WelANE BT AAL, AU i | i 5 WS R E
t omdo] Tule]l § 2% wolal ‘UH’ o ol
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