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T5 all_single all_single 42.39 19.68 32.30

T5 all_3sent all_3sent 53.24 27.10 37.43

T5 all_20per all_20per 47.55 23.33 35.34

T5 ~ Natural all_single all_single 42.88 19.72 33.81

T5 ~ Natural all_3sent all_3sent 53.94 27.59 37.55

T5 ~ Natural all_20per all_20per 47.58 23.49 35.68

T5 ~ Mutli-task all_all all_single 43.23 20.11 34.24

T5 ~ Mutli-task all_all all_3sent 54.03 28.04 37.88
T5 ~ Mutli-task all_all all_20per 47.97 23.66 35.69
T5 ~ Hierchy all_all all_single 43.42 20.31 34.28
T5 ~ Hierchy all_all all_3sent 54.01 28.07 37.89
T5 ~ Hierchy all_all all_20per 48.00 23.65 35.78

AW =] 158k FiA Pl

[3£4]¢] AT A
T5-Natural®] A< v glSw, 723t i3} g 2o] o}
O AA=H1A 35S WA Bds W Fove A
Mdel = Aew BTk &3k AlA S T5-Multi-
task®] A% 1 old melnc ¥ Z Zo] AaAto] 9l
St ol FhElaEy 8ok oM e F5ahA o
i TEE Holgals By /‘P"Loﬂ SEPs W o F2 4
TS 24T £ deEs HAFt. wiHgoz 439
T5~Hierchy?] #<$ tHEo] H7} wjEZA 389 T5-
Multi-task®. o} £& AH%5S A5}

dlolg o] SA4de] we} a1k ofoltjol= o] gl
HA TS FHATE Ao Koy, HEHo 7 dolE
2etd md 2 T5~-HierchyE A 43kct.
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[£5 29 Apo] = 4]

Model TrainSet | TestSet Rouge(1 2 L)
T5-small~Hierchy | all all all all 48.00 23.65 35.77
T5-base~Hierchy | all all all all 49.69 25.40 37.54
[EE)]OHH% ARE ZHe] Afol= e HES st
L ShebElE 7 Be mde] o £2 A%S wise
,Lzﬂmg gtk o 2 A dole A, NAY 7
ZE F&A7)E AL 2do AES FAAZILE LEA
1 7H4el whet oleldk Ate FEAow Wt}
[3£6 #74 Zold 4%]
Model TrainSet | TestSet Rouge(1 2 L)
T5-small~Hierchy all all all single 43.46 20.31 34.28
T5-base~Hierchy | all all all single 45.22 22.01 35.92
T5-small~Hierchy all all all 3sent 54.01 28.07 37.89
T5-base~Hierchy all all all 3sent 55.69 29.93 39.91
T5-small~Hierchy all all all 20per 48.02 23.65 35.78
T5-base~Hierchy all all all 20per 49.69 25.40 37.54
[#6]olM = qokwe] do] M= H2ES dsialon,
ARG okl 1Y £ Ee BRFE AL 5 9
o ARG eokEe HE BRYRc Wi 2@ Bywnc
B 54S /M2 Ak ARG 2ok volE do)uw
e AAA FEH 2509 WYL IR FE-0
Hefol A4 497k el ool Mla) wE eoke 3
Wb FEEE 97 WA, 28 aoke 4UE e ni
Aolak ok Zol|Z ZFA|aL 9lo] FAIAF 7ol d#E |
& golEYo] EAT JleAdo] Erh. T3 Multi-Task
Learning®] 5747 #d3 Zojo] A4 Qoiiel dis] &
Wol 714 A ALHAS AL WAL 5 §Arh.
(37 ZHel e 5]
Model TrainSet | TestSet Rouge
T5-small~Hierchy all all fm_drama all 47.96 22.42 34.98
T5-base~Hierchy | all all fm_drama all | 49.56 23.94 36.64
T5-small~Hierchy all all fs_drama all 49.02 23.96 36.24
T5-base~Hierchy | all all fs_drama all 50.61 25.57 38.00
T5-small~Hierchy | all all history all 49.74 24.47 36.95
T5-base~Hierchy | all all history all 50.93 25.76 38.21
T5-small~Hierchy all all c_event all 4496 20.78 32.66
T5-base~Hierchy | all all c_event all 47.25 23.16 35.04
T5-small~Hierchy | all all culture all 46.70 23.81 35.61
T5-base~Hierchy | all all culture all 48.71 26.02 37.59
T5-small~Hierchy | all all enter all 49.52 26.96 38.62
T5-base~Hierchy | all all enter all 50.96 28.55 40.13
A wdo] EE Jheargo] disl oj=AHr= wdd
Bes Hola &S [H7]S E& & 5 Aok 7P
o[EAle] A7|7F AW AlAH(c_event), YA (culture)

o] FRAE sted 3] =84 (202249)

o] AL Mgzo] v Ao &sla, v =alul(fs_drama)
W 7k d-(fodrama) 9] A5 w2 doe Bol= AL
2 wol AdiZQl dolel Ale] ¢fo] mEl Aol JIF&
vRGaL & 5 Qv

shAIRE 2k dlolE Al qf o] A= (history)# dE
(enter)o] 7} £& AH5S Hole A2 FA o7t F
2] egErt. o= HolEAl & ERE ofye}l af3h Fhe AL
2l EAE F838 HoFn, 489 v AFd%
o] okt Fel= FAE, EAY, BAo] . =&
niel 74w FhEH A FAP S BAYOR, JAS
3 o e dAFoZ Qokio] U AL, A
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A z—]t: }\-]L:__. _]J—]_X]—
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