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(Github: https://github.com/nayohan/SimKor).
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.. Valid dataset
Model Training method for CL Accuracy
CL+ Finetuning | KorSTS 0.711
BERT-Base | CL+ Finetuning | SimKoR 0.712
CL+ Finetuning | Mixed 0.711
CL+ Finetuning | KorSTS 0.711
EZEERTa CL+ Finetuning | SimKoR 0.711
CL+ Finetuning | Mixed 0.709
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