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714 Mg o] 24& EA71T (A 075 Fole AEH A Age Aot
FAlOl: 7AW, 24 S, APAR] oF ¥
1. AE =g
7]1#4] ¥1e(Machine Translation, MT)-& ¢1o] 7+o] AR & 8= o] Y-S Fhot7] ol AFAH oF WY &
TS Gol=L Zast 7|, hokel AFT A4 Agte)a  HICIHAE TS HolHA FES AT YHELE A
B olotA S E T 9tk Tt 74 M A AEo] THE o oo eEl(Large Language Model, LLM)-& @2}t Sk (in-
W Bxto] duput Akl AlE|ah 2= o) ]2 mrlel Ao context learning) WA 0 2 283t} [7, 8, 9]. Qo7 YR
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AU omof| wht e Q8 2 gt} (2, 3). Aol A& FIAI71A it
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FAsH7E FARS] 7h A H]

ing services. o] 7]&t.

Wow, can my friend and I even eat all of that? b A <v>HAG < /v>AE o HS 5 27t 854
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skin and can be used year-round without any burden. | W AFEE 4= 95Ut
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warranty. 715yt
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Method Model F1 score Recall Precision
XLM-RoBERTa - - -
Word-level training
InfoXLM - - -
XLM-RoBERTa-base 0.0392 0.0400 0.0385
XLM-RoBERTa-large 0.1644 0.1600 0.1690
Word + Sentence-level training
InfoXLM-base 0.1493 0.1333 0.1695
InfoXLM-large 0.2222 0.1867 0.2745
XLM-RoBERTa-base 0.2059 0.1867 0.2295
XLM-RoBERTa-large 0.4394 0.3867 0.5088
Word + Sentence-level training + DA
InfoXLM-base 0.1963 0.2133 0.1818
InfoXLM-large 0.3310 0.3200 0.3429

H}%Ei el AT mEkA] -2l
Asto] A8t

tate] S22 H2)9} s
=] HJ—QOE;\HEO c!;q.S/o

Rk

S/:51,527...,Mi,Mi+1,...,Mj,...,5n
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RoBERTa2} InfoXLM [16]9] base, large -2 At ot
F 494L 9 1EH A= FAY B A A7E E
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H|-&-& %ﬂ"ﬁq— Q= ox B7]o|= Matthews Correlation
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Method Model MCC F1 score Recall Precision
XLM-RoBERTa-base 0.2441 0.5985 0.5719 0.7072
XLM-RoBERTa-large  0.5577 0.7621 0.7062 0.8771
Sentence-level training
InfoXLM-base 0.2210 0.5313 0.5263 0.9639
InfoXLM-large 0.4901 0.7135 0.6552 0.8870
XLM-RoBERTa-base 0.3873 0.6935 0.6889 0.6985
XLM-RoBERTa-large  0.3135 0.6567 0.6577 0.6558
Sentence 4+ Word-level training
InfoXLM-base 0.4824 0.7352 0.7002 0.7905
InfoXLM-large 0.5688 0.7816 0.7529 0.8199
XLM-RoBERTa-base 0.5722 0.7804 0.7419 0.8384
XLM-RoBERTa-large  0.5848 0.7895 0.7600 0.8289
Sentence + Word-level training + DA
InfoXLM-base 0.5780 0.7889 0.7924 0.7856
InfoXLM-large 0.5970 0.7984 0.8056 0.7916
78-%- InfoXLM-base®} InfoXLM-large Bdlof| toff S8 2 A5 Bty A9 4 itk
£ AHel A AHOE e A5E HolZth ol Tl 4 -
2o Auag S AN B AR B @A O o0
st Zo] o] 2 o feElsithe AL oudi 2 =wolde 714 fie AlA"oA B 4 Qe A
Sentence + Word-level training + DA-2 dlo]g &7 Aol @ =0l HIE Bx|5}7] ¢t th= 2] sk ndy} A
(Data Augmentation, DA) W¥-& 288 A%olth. o] 749 22 dolgAe Ayt 79 WS PAsE A
XLM-RoBERTa-large RE-L F1 4014 0.4394, Recallo] | 455 @llsl 29e FAo] a6t dEo g Sasie
0.3867, ZL2] 1L Precisiono] A 0.50880.% 7} &2 52 B AfET F2 2HE d< 5 s U 3, HlolH
et o] Adte 7t AljtstE vtA= S 7[R ¥ o7 T 7leS 9 'S Hold A FASHAT o] dFE
dlole 57 Walo] HAQ 250 WS WA Al B Bal, /1A Wele] FAL Holw AWHA 07 FY 4 9
&5t Z-gst ds ol ot 24US AAR  AZAQ ete AASHR e, ofs &% W A AH
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= Aol gt de= HojEt o] 48& 5o el vF B 7L gelr]|EAREAR 9 AHES]L7]EH
SEA = =z =
A9 B A HlolE S WASR 2 W 22 BN ra0) gsieTaTARAgA) A7dTE 49HS
ohet 71E of ©A %

BE H7} 2] FEo A Sentence + Word-level training + DA
Wo] 1 e 45E Holk AL AT 4+ AUtk 5
5| InfoXLM-large 2 E-& MCCo]A] 0.5970, F1 AF ojof A
0.7984, Recallof| A 0.8056 2.2 7}4 =8 A=2 Ljepdt]. o]
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