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(a) Textual Entailment Model (b) Reranking with Feedback Model

Reranking Model

query, ]- M » Embreedvack(q, @), -
query, m reranking(%d)
answer
000 -0 document tM »

Where query(q), answer(a) are in QNLI dataset

! Feedback to minimize

H _ 2
Textual Entailment Model E (cos(H,0) Steedback(d> d))

query, LM Embseedvack(q: @),
document ... .

Where query(q), document(d) are in MSMARCO dataset
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Model
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