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[Retrieval]

Prompt

text = ‘please, select a Passage in a document from

dialogue and question And refer to the selected Passage — f—
and dialogue to respond to the question! Passage "o

Retrieved Top-3
passage_prompt : '[document] Passage'

history_prompt : '[dialogue] history’ [Generation]

last_turn_prompt : ‘[question] question' ( LLM \

response_prompt : '[response] '

2 LR Qo] BAS o] 8t ohF B Aol Zukel Al2AF T AL 919 T2 1. [Retrieval] : AlAg0] gE AE7}
BA T2 olgate] Yol A A o} 7| mET Bzt s oleels BA B, B4 AvtE AdE 49 379
BAE TP ZETE A4, [Generation] : A4 TETES tiifr o} Bde] Jsto] A5] 3719 B4 Z chA] gh
ndo] XS NET 4 Q2 shnf duy BAS nigos AR Age i A4
4. A9 Jeiso] Az |k 11 4 (1)3 2o] HEE5L WA
w1 A dold jiq Ve Gl BERA U HAEE 2D 242 A
tato] o 7nt sk Ao @ s
d9 % B7IS el MultiDoe2Diall9] HIOTE A2 A8 gm0 4 % Nt R Hj2E PTG AR 2A
ottt MultiDoc2Dial HoJe] 12 d7fe] ZwlQl, 48870 2.0 242} (N x dyoser) 2719] BB THEA Hr. o] Arefo]
EAEE HIPOR B of 1] FEZE £7k= 4TINS 4 o (1) 3} o] GAEE Fobe A oA HE (N x N)
dietelolH 2 = o] Qlet. distelolH o] AE-HH A& 5t 59 oxtm 4he 78 2 9t
o] JAAREAR FFole] Train-Valid-Test Al 2 U= 7S JgohE PPo] il P AR g9} Aol Hi BA
ik 13 g P positivey 2 LFON EE BA pi o ALole] GAER
% 1. Multi-doc2dial 2[o]e] Al AE olgA A A AR ol i FAE W
2AFSE A (2)5 det ADEWA o] RS THEA
Train | Valid | Test .
Instance | 21,451 | 4,201 | 4,094 . esim(ai.p7)

s Df Dy 1s s Dig) = — 1
(CImpl 1 Pi 19 7pz,n) og esim(gi,p)) _1_231:1 eSim(gip; ;)

(2)
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£5-2e-05, Optimizer-Adam, Epoch-309] 27 o2 dh&36}
k.

0]% Reranking2 RoBERTa-large[10]S QIZEERe.&2 At
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€ ¢,p = {[BOS|,ZE,[SEP], [SEP], 7|5, [SEP], [SEP] A
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T olzFg ol A2 dist(q, p1),dist(q, p2), ..., dist(q, px) 2>
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]
S 4 (3B

+
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(3)

log
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4.3 Zero-shot Generation from LLM

AES o) din dolrdze 7B F2e| Llama
('meta-llama/Llama-2-7b-hf’)[11]2 AF&SH}. T]FH 7]HES]
dojmelzne thy BA sl o] tjg BEe 2]
ol ZEIZEE A/dsto] Bdo] & d-S AR

= 'please, select a Passage in a document from dia-
logue and question And refer to the selected Passage and
dialogue to respond to the question.’

e passage prompt : '[document| Passage’

e history prompt : ’[dialogue| history’

e last turn prompt : ’[question] question’

b

e response prompt : ’[response]
Input = text + passage prompt + history prompt + last

turn prompt + response prompt

b2 2A]of 5t olo] melo] A2 AF T A AL stol
517] 913l Passage prompt : '[document] Passage’o] 1=

Passages W2 £ 452 WA

©

o] JEAE Shets] =4 (202349)

kel

2. 0% BAS B LLMO| AZAE ot g A4 4%

ofx
Sl

F1(%) Meteor(%) Rouge(%)
Gold Passage 19.63 18.83 16.17
No Passage 15.55 14.41 12.49
Top-3 Passages 15.82 14.62 12.62
Top-1 Passage 14.99 13.90 12.16
Passage=1) Ag 24|, 2)No Passage, 3) A4 A2 B
Top-ke] BHE (k=1,3) % A7HA] 799 Wz eishol

Z7ke] 452 Belakr.
A%9] B 7}= Fl-score, Meteor-score, Rouge-score2 A| &

o] Foj71et.

5. HE

2 =wode gt o] RES o8]t v A 7]t
Aol S Ade] qlof vt ddof REo 27] Grof mlF
GA ol A sk Akt HA mE o] A /A SkaLA} sk
glo] Alzstor A9l ths M5 dEste] o] £AE T
44 BAS Aol S ALIES ol BAE A
a1

Llama-28 o 8¢ t}% 24 7]ite] Bo| S5 453 5l
B A 7F ol BTt FolA 2 B s HolA
S AfolS BT A4 AT} Top39] BAS ZEXE
BT gesty B AAR gl 27 B 2AS Ads
3 HHS AN E A BAE FALL AL E) Fl-score :
0.27% Meteor-score : 0.21% Rouge-score : 0.13%2] A59] 7|
AdS gl & ]l 22y Top-19] £45 E-83t3=
= A o] BT A @5]8 W2 £25 Hl=T
o) He ZELES 24 $2 £ U Ajsol vt F7k}
= 912 Zolsh mule] Bl ofaelo] JFE Fi AL ol
122 5o 29S8 Hop & Rl
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