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Caption Projection %

Primer labels: Clothing, Person, Musical instrument, Cello, Guitar, Trumpet, Trombone

Caption1: 8i2M3} 2420] U= ML B2, YUE JjEL SRS §8 AFs= M B
Caption2: M| AIEI0| MM =2, 7|6t EEE AFSD AUCH

Caption3: 32t 0| QUi= S2H0IA A BO| ARZEO0] 22 7|EL ESW U2 & AP YT
Captiond: Al AFE0l 212} L2 9P|F MM @3T8t Ik

Caption5:
Si= AH0| UCkL
English Caption: A group of three people playing various instruments
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2.2 7|A| ¢ (Machine Translation)

Machine TranslationS A%t HRE
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Primer labels: Mammal, Animal, Plant, Goat, Sheep
Caption1: £40f ¥Z0| 23 ¥0| st2F ozl & 5 0|7t Y=8 Yo UCH
Caption2: 2 2|0 220| 70t & & 5 0|7} A RUCH

Caption3: Z2 2% 8 & £ 0f2[7F 2H 2I0GM FZ=E YO AUCk

Captiond: Y=2 21 S 810k & 5 0127 290) A RUCk

Captions: 23 Y201 CI2| £E0IE ZY ©O| 2= ¥ 5 0P F20M 228
CHZ RACE

English Caption : Some black and white sheep are on green grass.
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SentenceBERT(SBERT)[2]. SentenceBERT= KoBERTScore
U= E OE 2O oDI2d FAID =4 YOl Jtset
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4.2 320 M Y
QA [AIE 7|8t ™IKBLEU Score). 2% SAI=S 7t
ol WEAHQI gtHo=z  BLEU(BIlingual Evaluation
Understudy)[7]12F ROUGE(Recall-Oriented Understudy
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KoBERT Score[3,4]= BERTscore[3] 7|8t I} gtHo =2

242t BERTO| Yoz 4

o 2 2zs

— [L oo Lo=2 M

O, 29 HEIS T3 T 2t E37t0| ARl QAEE 2B
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Mu 1% 18 >=

o|oj=2

[ |

FALE 718 BoF 21t

g7t Z2ah

ZE=AM SHHY AAF Best, 2 SM:TA| LYYS Best

Method Semantic KoBERT
Score Score
GPT4(Generate) prompt 62.7 68.2
GPT4(Select) w/Translator 62.4 68.4
DeepL 62.3 68.2
GPT3.5 Machine 62.2 67.5
Google Translator 62.1 67.5
Papago 61.8 68.0
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GPT4 7|8t 2743
H7t 4|0|E{= “4.1 ETRI Caption Projection As H
S AIBotD, & 2712 2ID|2A |AE V(8 HILE
SHRUCE O Ax, HAU|se| HY 22t WHE dHE st
PromptS A28t  GPT4(Generate),  GPT4(Select)7}
Semantic Score, KOBERT Score 25 7|&9| HYV|E 7ot
o SOTAS HYrCt 2|Z2HSZ Semantic Scores=
GPT4(Generate), GPT4(Select), 471A| HH7|(Deepl, GPT3.5,
Google, Papago) ©22 =2 ds& =2U20{, KoBERT
Score= GPT4(Select), GPT4(Generate), 471X 17| (Deepl,
Papago, Google, GPT3.5) 22 =2 M58 EgCt SOTA
HAY|E9| WHE BEF de2 7|20 ¢ HY 45 ¢
StA| DeepL Semantic score 62.3, KOBERT Score 6822 712+

48 RS BOICt

=0 Yd +1= LA9f 45 Bl BO|CL
M ™7t go|E

context learning(ICL)

1A S .
J2{Lt, GPT3.5& HIAEZD stgS £3WY| W20, ARzt
€2 Az 2EE s30| F5510 GPT4E AlZ-2101E 2
T Olsfiste EEIZE 0|22, F0{2 HHY|9| A2 HHE &
&350 st=0] PWH CIo[HE =2 o HH £F 4501 F

A @otel A2z ZAEL.

43 45 4 4 A2l

O A4+ Ztof =™, SEsH= SOTA(State-of-the-Art)
gst HAY| F, 7Y 2 42 20E Deepls FOIE
= U B 458 BHEL &9, oY F2 BHE ¢
2 7tA] Fot HAVIE Saf st=x0| HHSZE st =, 4
MEl 520 HME GPT4E &30 MEH(GPT4-Select)
T= M2 4M(GPT4-Generate)st 22, MAE #HHEE O
D|Z|E O AHAYA HdotH M| FHO| dEe= A
2 golg &+~ ot

Olgfgt ZUE HIEe=z 22|= iy st=0f HEZY [
OI5{Al F£=A|, High-Quality GIO|E Mg ZAs2=2 dWdd
& Qlen o|0jz|e| on|2d RAIEE z[cHst HH=E= O
Ol g 5 £+ U= YHE STHSIAC E3t, 0o o

: Vision-Language
LFEZ 71 7|A H

=
o
=

OlH{ME &85t HEIZY
Pre-training 242)2 st&&
o @UEC o £2

5. A&

0| A= ChatGPTE 0|88t
M22 H2ES Loist, ol Sl

o] JHEA 2

ozl

Shate] =24 (20239)

E|IZE CIOEME & 28422 U= YYS AT
A SR et=0f AlZt-210] HE|ZY HO|EM| 2

Fc|E| =2 HIO|HE ¥7| ofgCti= 2417 AU=HI, ofH
HE Soll 1 2AHIE siZst A &ttt f2le o= 4
HEl AlZf-210f CIOIEIE ChatGPTE AMBSI] AAAHD

o
DU B0 BHOR WHTE MRS YHS

O QAR Hgsicts A
St 0 CIO|EAIS H= A
, 0] WAoo 2=l GlojEf Mg
Vision-Language Pre training 2&2
Cf. 2tM, O A3tz o0 HEIZY [0
A ZOHOM M2R 7tsdE E0= A0|Ct

B0 @ Q1o

-

r

zrel 2
0] =22 2023¢E YR (ISI|SYREAR)O| MU

2 YBSNI|HYIIA0| AAS WOt 23E A2Y (No.

RS-2022-00187238, &% AtMet&0| 7t st= Of COf

g QAOI2E AtHSHS Vs 7HY).
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