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FA0]: gh=o] WA &, A dojrd, A 2ZAF, TE T E | chain-of-thought, self-refine
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of 14, 15). F3 B39 A9
qE, oleld AFES WA 73

= 950 A8F 2719 (In-context learning)& S At) ol o)A 22 A2

ARsts dolmdnhE Al qid oL aepgion, Adold  zojzomuy uixﬂw A4g Bold & glovt, A=Ak 873

ol 2ot Autell A et duke AsS HolF = GPT3 (U] oaje) 220 49 o4] glo] TR 7|&TrS o Bt
S XA A4Y A dolnde qdos 9 AF= AT ge 220 ogowor stEE B$ ojggo] ZAF) 10
So1A EdeiA)7] Azt FAlolt. Gold Ao B W ¢ Basim, A AA STt GAMIo] 2 Sk, A= AF
HALZAE 1Y, WA 52 S HAAE RHSTE AR oo o] 22 H2e Tolur] 9 7Y dTE

*

W A1 Z 2} Corresponding author) -9 F-ofn|stt [16].

- 648 -



A)353]

rel
i
ek

mebA, 2 A= tEAR 24 EF =AW =
Bl Ao A dojrd o] Ay 7as St AT
A FE2 AT TREC digt Bl AF-E A5, A=A
ol Aol TIE Al A LR Lol 4% 8 BAG
oh $to] P 2% Hlad e 97 i) Lurd mEag
719, ii) AFa19] 4f(Chain-of-Thought, CoT) TE g 7|5,
i) 247 A4 (Self-Refine) ZE1e 71 749] A2AF 8ol
Aol gl B £2 Aol diet ¢4, A4 Wi AL
Alsgteh & A7 A Fold A Qdojrd AolA &
L5HA o] o2 1 Qe ZEEY A5 F Aol A5
WHEo tigt 328 27 HuE AlFd o=, A oj=
LEuY 7l A&EA IS 9T &5

g fd e HES 245
JEEEE L RS
SAele] setalg 42 7k 24 1
& FRg A5 ;

oE AR 5T A delBdL el 2ol 4y
SR HaTold 2 4% FL AT A% RS Bolgd

g

[>
H
2
fu)
st
a2
i}
re
2
ko
i)
o
M
N
olo
il
el
oZ
o,
it
N
N
R
o oft dr mt lo @ By
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Sof PaLM [19]3} 22 7] Sloj R o] WAl a4 S| 72

o UE P BaS BT
SHAIRE, §1 R oA Aol H o] B7Hek A2k §H
M| FAE AU, ol & 18 (162 A 24 &7l A o] CoT

o] JHEA 2

e
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I 1. Vanilla TETE =HZg dA

Task Instruction

You should predict the relation in the given input
between subject and object.

Choose the most appropriate relation among the given
"relations."

Do not generate a relation that does not exist among
given candidates.

Make inferences only within the given input without
external knowledge.

Relations (29 relations)

"org:founded": the date when the specified
organization was founded,

"org:member_of": organizations to which the
specified organization belongs,

"org:product": products or merchandise produced by
the specified organization,

#H##

#it#

"per:date_of_birth": the date when the specified
person was born,

"per:product": products or artworks produced by the
specified person

Input

- input: J7HE Y2

2ole A OfsEE Yo ALt
- subject: &]A (person)

- object: 3t= (location)

- relation:
71HE 59 F A A4 Bl 228 APt A H o
2=, “Let‘s think step-by-step.” X|A|E £l U2 sloj&
SHO & Bl et 4 AL, o]F o] F A B
oA AR 2H FF FF A5 olEo] Wt & a4
AA| o] gh A=ZAF g0 ] CoT 7|9l &-go] gh=iof
A = HaToA 7H= G ef tisl vl w szt ik

2.3 A7} A (Self-Refine)

Z}7F A (Self-Refine) TE2IE 7|2 217} ] S H(Self-
feedback) Faf 7|t] QlolR @] 2 S22 Pt o
gAeltt [20]. o]= oo meo] B Sl st
A2 WEMS 5] o1, ol vigos thA] A
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I 3. Self-Refine ==

Task Instruction

Vanillall =&

Relations (29 relations)

Vanilla?} S¢&

Input

- input: S/ME FH2 o= BAQ HER M U=
oled A OlsEE Y3 AlZC.

- subject: S|ZH (person)
- object: Bt (location)

Let’s think step-by-step briefly, and make a
prediction at the end with "Thus, the predicted

relation is:

AFE = sHe WPS wEA o A FoRA 4
AP HF S-S AHSHA Feh olS B 7, AL Aol =

rlo
Eh
i
N
ol
1o
e
H1
lo
o

)
_\?_15
H
it
we,

N
-
=

3.1 WHE

A LETE AF B 1S P 2F HaI $UAL 9T
A3 A4 2 P ehl ARE T JU TERE(ols
Vanilla T8 7 £ )2 LT}, ¥4 2p8e KLUE 91 3]ok2 )
olzetele] Bk wpgate] SAF WIS 15 “no_relation

TAE ALt 297 2] A
SI=2 o, WA STt g7 7t ehdo] ofW BAIS Fol
oh=Alel tﬂo* 212l AL $HA Alggct

E, 9] ¢ .02 Bt g Fol(Subject) W 2ol
(Object) 4ol AZ=Ed, o wf 2t Aol

(Entity type) A ABTE A $39] 32, oI
oA Zotol o] ez Holslo] S 22 Aoz chaal

Zol ¥ A4 e FeHi= #[gsto] AlFHeh; {'PER’: ‘per-
on’, ‘ORG’: ‘DAT”’: ‘date and time’, ‘LOC’:

‘location, ‘POH’: ‘other proper nouns’, ‘NOH: ‘other numer-

‘organization’,

"https://openai.com/chatgpt

Phase 1

Task Instruction

Vanilla?} S

Relations (29 relations)

Vanilla?} S

Input

- input: /& F&2

2ol SiA OfsEE =Yoo ALt
- subject: S]A (person)
- object: St= (location)

- relation:

Phase 2

Refining Prompt

(System prompt)

You aim to refine your previous prediction if any
incorrectly inferred result exists.

(User prompt)

Your previous answer for {Input example}: {Previous
answer}.

Is there any relation other than the one you already
chose that seems more appropriate?

please answer in the following format.

- Yes/No:

- Feedback:

- relation:
als’}
Are @4 TEIE AZT = 2= CoT PP X
2 9F ZEZEY 7} ATS HolFul(‘Let’s think
step-by-step ... ola} ), Atke] A A|A] S| T
e Vanilla TEITE A7 FUsith
A7 A EESLE A E 32 Self-Refine o] TE2ET E
T4 veb it Aol Phase 1 B2 A] Vanilla E%E‘%}
Wa FUel dolnde] 2 T 22 Ane A
oz At S-S Phase 29 {Previous answer} =,

N B4 9 (Fol, Bo]) 42 b @l {Input Example}
o AYPde &, M2 A 2% Refining Prompt &, |22 |4
A A S @A AT olE Sl REE stolg A9
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HEL

% 4. KLUE A% dolHAdAe] A 717 98 E(Vanilla,

CoT, Self-Refine) o] A|2AF TA] =& A%

HFH Vanilla CoT  Self-Refine

51.67 | 40.67 45.00
Micro F1 | 50.33 | 40.00 42.33
95.67 | 38.67 44.67

o,

o 52.56 | 39.78 44.00
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https://github.com/KLUE-benchmark /KLUE
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=lew, AF dlolE el A 30071 2] 2A
5 Q1o] A=k AEL 91e o]
€ ChatGPT(gpt-turbo-3.5-0613)=
A He] B9 A2 442 S AHEE A5

1Astslen, 45 B7He fle A1 %= KLU

o

[

e [ )

. =

T+ A% 52.56%2 Vanilla I
i) 4 8.56%pe] 2to]S
CAAAY BE 7IES R Fl

A= 2|t 2 Vanilla — Self-Refine

lo

I

ot =50l ExE AEE G5 Fo-
oA AaH(person) A4 §BL 712 AR
2|25 4H F2 3ol A 7] organization) O 2

b gy

gharo] JE A sads] =23 (20234)

E 55U Al de 2 Eeel 44 2

Input

- input: €29 YEZYPA(William Wordsworth, 17708 4
4 74-18504 49 23¢)+= AR HAH SR A &
(A7 JAR) or FEstell Qo] ¥RtFoE WSttt
Feidt 9] Fag gurze] Alclol)

- subject: JFL €Lz} Z2]A] (person)

- object: 9= (location)

- relation: per:place_of-residence

Generated Results

* Vanilla: “per:place_of_residence”

* CoT:

1. ¥Eld Y=Y~ (William Wordsworth)+= F12171Q7 -
el P22 I Fa7 Rk AlRlgyth

2. 91 JAY A (William Wordsworth) 2] A4 FAH-L of
| olge Wiber - 499 92920 A% BAEE dgstl
glof duiolE st gyt

3. 4% BAEE W £ ARE R77tar - AR HA
=2 A (Samuel Taylor Coleridge) @} ¢4 A5t

4. A4 =L FA= ofdol §AgE 71317k a? - AR
e Z2= d=ol AR 71y

Thus, the predicted relation is: “org:place_of_headquarters”
* Self-Refine:

- Yes/No: No

- Feedback: The relation “org:place_of_headquarters” is the

)

most appropriate in this context.
- relation: org:place_of_headquarters

42 AE

=
o)
oyl
)
R
oX,

Ry = o -
S 49 9 2 AnEs AZALt BA 25 9 gaa
Al Fol ERtE dubAQl mExY W EY tFo], L

A (Self-Refine) T2 upl2e 45 22 A0S vlu

249}

9l Sclf-Refine LELE HP¥2o] o] ¥ 52 s
tha ApHoE A§EUS W, Vanila TFLY Brk e
HHEE Bt ol ghato] | F2ol HAske n2e] A
9 Qlolmd Syt Ty Aol AEglt W Bage
QAT olafe 4= itk 3, A4 71HS FHOE 4E
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