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using Neural Network for Vision Systems
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Abstract

: A FOV, that stands for “Field Of View”, refers to the maximum area where a camera could be wholly

seen. If a FOV of CCD camera cannot the cover overall inspection area, the overall inspection area should be divided
into sub-areas of size FOV. In this paper, we propose a new neural network-based FOV generation method by using
a newly modified self-organizing map(SOM) which has multiple structure based on a self-organizing map, and uses
new training rule that is composed of the movement, creation and deletion terms. Then, experimental results using
real PCB indicate the superiority of the method developed in this study to the existing sequential method.
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Fig. 1. Flowchart of computer vision system.
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Fig. 2. Algorithm of sequential FOV generation.
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Fig. 3. Comparison of sequential FOV(a) with
optimal FOV(b).
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Fig. 4. Parameters of FOV.
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Fig. 6. Experimental sample.
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Table 1. The specifications of inspection sample.
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