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ABSTRACT

A LMS algorithms has been widely used for an adaptive filter algorithm in active noise
control systems. But this algorithm has poor convergence and it is very difficult to select
optimal convergence parameters in this algorithm. In this paper, a fuzzy LMS algorithm
where the convergence parameters are computed using a fuzzy logic controller was
proposed. A proposed algorithm was applied to active noise control system in HVAC
(central Heating Ventilation and Air Conditioning) ducts. The experimental ducts and
experimental apparatus were designed and manufactured for experiments, and the
modelling of the experimental ducts was also performed for computer simulations.
Computer simulations and experiments were performed to show the effectiveness of a
proposed algorithm.
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