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A Defect Inspection Method of the I[H—JAR by Statistical Pattern Recognition

2 7 Hf, of = &

L

(Ki—Tae Oh and Scon—Geul Lea}

Abstract @ A die—casiing junction method is usually used to manulaciure the tub of an M {induction heating)
jar. I[ lhere is a verv small air bubble in the junction area, the thermazal conductivity is detenorated and local
overheat occurs. Such problem brings serious inferiority of the IH jar. In this paper, we propese a new
melhod to detect such defect with simply measured thermal data. Thermal distribution of preheated tubs is
obtained by scanning with infrared thermal sensors and analyzed with the statistic patrern recognition
method. By delining Lhe characterislic [eature as the temperalure dilference between sensors and using el—
lipsoid function as decision boundary, a supervised learning method of genstic algarithm is proposed to
chtain the required parameters. After applving the proposed methoed to experiment, we have proved thal the
rate of recogmiion is high even for a small number of data set

Kevywords : induction heating jar, slatistical pattern recognition, decision boundary. genelic algoritlum
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