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Abstract

Impervious surface affects urban climate, flood, and water pollution and has important role
as basic data for urban planning and environmental and resources management uses. With a
high paved rate, increased quantity of the outflown water and brings urban flooding during a
heavy rain. Moreover, these non-point source pollution is getting increased the water pollution.
In this regard, it is definitely important to research and keep monitoring the current situation of
paved surface, which influences urban ecosystem, disaster and pollution.

In this study, we suggest a method to utilize high resolution satellite image data for efficient
survey on the current condition of paved surface. We analysed the paved surface condition of
Dae-jeon metropolitan city area using KOMPSAT-2 image and validate its practicalness and
limitation of this method.
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