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gEMNS1S Altetsit). o o B e ¥ 99 3] BadAE
7|9ko 2 MNS19] op7|8l A = 1§ 33} 2}k 19 39| of7]g|
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ol s ol H o @ gYo] aFE FAS Ao R
A PEol At SH R 2] 223HE Fote] BHHA F7)
st 9 52 Faste A8 A7E AN BT

(6) AEH HIO|X|Ot (Empirical Bayesian) &2 2!
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w24 (contextual) 3
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|—|

7129 PRC R E 257 AF BAS Tohe Rl
7 malo|y} Bga e 13 Fluke] A o TR A1)
2% 4189 vl ¢ ol o} <] FElE Pojr)x) Fekm glek.
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e
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=
_E

© mgo] A|A|7} B e 3|, o] = 9]3] Friston et. al[15][16]<- H]
o]z 22 7] 2AG A g A28 wEl g Agkaleln.
a9 69 A% FRE ARA Mo 2 FEL BEH oS 7Y
(predictive coding) 314 o] T}, o] 5 7 & A % 72318 514

[¢}
9 2191 A S8 71E 02 130 W el i A T2

Generation

[

Backward and Lateral
gD = @ _ (p(ﬂ(lﬂ))

Forward model
@)

Sensory
States -
Forward and Lateral
. as(l 10T
p® = gli-1 _
e
Recognition -
a7 7. 5 AE TE 7l AN vo|x 22 2R 05 2T

(predictive coding) (16).
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PFC: mot. intent. IPL: motor chains
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Shape Grasp
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==

Shape Grasp Place

w7

43}.—

IHT

Premotor Areas J

115

Motor Areas

a8 6. S8Y d3d mE

Chel mE ¥ 3l 78 ETte| 245t AS 2l 7h2tz (12).
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