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A Study of Non-Intrusive Appliance Load Identification Algorithm
using Complex Sensor Data Processing Algorithm
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Abstract In this study, we present a home appliance load identification algorithm. The algorithm utilizes complex
sensory data in order to improve the existing NIALM using total power usage information. We define the influence
graph between the appliance status and the measured sensor data. The device identification prediction result is
calculated as the weighted sum of the predicted value of the sensor data processing algorithm and the predicted
value based on the total power usage. We evaluate proposed algorithm to compare appliance identification accuracy
with the existing NIALM algorithm.

Key Words : NIALM, complex sensor data, influence graph.
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