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Abstract This paper related with the performance comparison of CCA and RMMA blind adaptive equalization in order
to reduce the intersymbol interference which is occurred in channel when transmitting the 16-QAM signal, high
spectrum efficiencies of nonconstant modulus characteristic. The CCA possible to improve the misadustment and initial
convergence by compacting the every signal constellation of 16 by using the sliced symbol of the decision device output,
namely statistical symbol, but incresing the computational cost. The RMMA possible to minimize the fast convergence
speed and misadjustment and channel tracking capability without increasing the computational cost by obtain the error
signal after transform to 4 constant modulus signal based on the region of signal constellation located. In this paper,
these algorithm were implemented in the same channel, and the blind adaptive equalization performance were compared
using the equalizer output signal constellation, residual isi, MSE, SER. As a result of simulation, the RMMA has better
performance in output signal constellation, residual isi and MSE compared to the CCA, but has slow convergence speed
about 1.3 times. And the SER performance presenting the robustness to the noise signal, the CCA has more beeter in
less SNR, but the RMMA has better in greater than 6dB in SNR.
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