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Abstract There are many difficulties to define because there is no systematic classification and analysis method using
accurate criteria or numerical values for creative people. In order to solve this problem, this study attempts to analyze
how to distinguish creative people and what kind of personality they have when distinguishing creative people. In this
study, I first survey the Big 5 personality trait, classify and analyze the data set using the data mining tool WEKA,
and then analyze the data set related to the creativity The goal is to analyze the features using various machine learning
techniques. I use seven feature selection algorithms, select feature groups classified by feature selection algorithms, apply
them to machine learning algorithms to find out the accuracy, and derive the results.
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4. Big 5
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Table 1. Feature Selection Algorithm Accuracy
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