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Abstract Traditional demand forecasting methods are difficult to meet the needs of companies due to
rapid changes in the market and the diversification of individual consumer needs. In a diversified
production environment, the right demand forecast is an important factor for smooth yield management.
Many of the existing predictive models commonly used in industry today are limited in function by little.
The proposed model is designed to overcome these limitations, taking into account the part where each
model performs better individually. In this paper, variables are extracted through Gray Relational
analysis suitable for dynamic process analysis, and statistically predicted data is generated that includes
characteristics of historical demand data produced through ARIMA forecasts. In combination with the
LSTM model, demand forecasts can then be calculated by reflecting the many factors that affect demand
forecast through an architecture that is structured to avoid the long-term dependency problems that the

neural network model has.
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