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ABSTRACT

Currently, the use of unmanned aerial vehicles (UAVS) is spreading from recreational purposes to the
public- and commercial-use product areas. Various efforts are being made worldwide to ensure the
safety of UAVs and expand their service applications and convenience, because autonomous flights are
becoming increasingly popular. In order for a UAV to perform autonomous flight and mission without
operator assistance, environmental perception technology, path planning technology, and flight control
technology are needed. In this article, we present recent trends in these technologies.
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