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Analysis of the Relationship between a Batter's Performance
and Discomfort Index using Big Data: focusing on the Number
of Pitches and On Base Percentage
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Abstract Recently, attempts have been made to use data to operate games, seasons, and teams in
professional baseball. Therefore, in this study, we collected baseball game records and analyzed the
relationship between on—base rate and pitching count induction, and this was defined as the third
record for non—game factors such as discomfort index, which includes the weather application data.
When the discomfort index was over 75, the pitcher's induction of pitching was high, and when the
discomfort index was less than 69.9, the on—base rate was high, but when the discomfort index
was 70 or more and less than 75, the batter's on—base performance was the lowest. Through the
results of the study, it could be inferred that the discomfort index, the batter's on—base rate, and
the number of induction pitches are related, and that it is highly likely to be related to the pitcher's
performance. Through this study, we could see the possibility of defining a cumulative/ratio record
defined as the primary record and a saver metric defined as the secondary record, and a third,
tertiary record linking data outside the game.
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On Base Percentage
0.370

0.360

0.350
0.340
0.330
0.320
0.310
0.300

70-74.9 ~69.9

Fig. 3. On Base Percentage
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