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ABSTRACT

In this study, a machine learning (ML) algorithm is analyzed and summarized as a self-organizing network
(SON) realization technology that can minimize expert intervention in the planning, configuration, and
optimization of mobile communication networks. First, the basic concept of the ML algorithm in which areas
of the SON of this algorithm are applied, is briefly summarized. In addition, the requirements and performance
metrics for ML are summarized from the SON perspective, and the ML algorithm that has hitherto been

applied to an SON achieves a performance in terms of the SON performance metrics.
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Collaborative Filtering
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Decision Trees

Fuzzy Logic Controller
Genetic Algorithm
Heterogeneous Networks
Hidden Markov Model
Hand—Over
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Markov Chain

Minor Component Analysis
Multi—Dimensional Scaling
Machine Learning

Mobility Load Balancing
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Neighbor Cell List

Neural Network

Principal Component Analysis
Q—Learning
Reinforcement Learning
Self—Organizing
Self—Organizing Map
Self—Organizing Network
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SVM Support Vector Machine
TCA Trigger—Condition—Action
TL Transfer Learning
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