E TR Electronics and Telecommunications Trends

Self—Organizing NetworkO]|A] 7 |7|3t5 A1 STl

Research Status on Machine Learning for Self—Organizing Network-I|

HES (DS Kwon, dskwon@etri.re.kr) sy nUTA ST MR
LIXI3 (JH. Na, jhna@etrire.kr) A SYIUYASHATAH MU/ HE
ABSTRACT

Several studies on machine learning (ML) based self-organizing networks (SONs) have been conducted,
specifically for LTE, since studies to apply ML to optimize mobile communication systems started with 2G.
However, they are still in the infancy stage. Owing to the complicated KPIs and stringent user requirements of
5G, it is necessary to design the 5G SON engine with intelligence to enable users to seamlessly and unlimitedly
achieve connectivity regardless of the state of the mobile communication network. Therefore, in this study,
we analyze and summarize the current state of machine learning studies applied to SONs as solutions to the
complicated optimization problems that are caused by the unpredictable context of mobile communication

scenarios.
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QL Q—Learning

RL Reinforcement Learning

RLF Radio Link Failure

SO Self—Organizing

SOM Self—Organizing Map

SON Self—Organizing Network

SVM Support Vector Machine

TL Transfer Learning

TTT Time—"To—Trigger
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